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people not knowing what to eat every day, this paper proposes an intelligent

ZHOU ?ng ifeng, LI Lin

Abstract: To solve th
dish recommendation sys ing the Spark distributed processing framework and tools such as MongoDB (a
distributed storage d: lume (a log collection system), HDFS (Hadoop Distributed File System), etc., to achieve
real-time rating and persomalized recommendation of dishes. The system includes a dish rating and storage module,
rating data processing module, dish recommendation module, and recommendation result display module, etc. The
recommendation module adopts a collaborative filtering recommendation algorithm. Evaluation methods and indicators
are used to validate the effectiveness of three recommendation models. Based on the evaluation results, the intelligent
dish recommendation system is designed and implemented, which is primarily based on item-based recommendation
models and supplemented by Spark ALS-based recommendation models. The system can quickly and accurately
recommend dishes that users like so as to improve the business service efficiency and customer satisfaction, with high
availability.
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Fig. 1 Structure diagram of catering recommendation system
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Tab.2 User information table

Key Types Comment
_id ObjectID
userid Int32
username String iilakA
Password String ik A ]
Email String Hlig) ,
First Bool
Timestamp Int64 \
prefGenres Array ‘
xR3 XREERX
Tab.3 Dish information Ata& '
Key Types Comment
_id ObjectID
Name Strin, Rhh4
Sco Number Sy
Dish String i R
lab String %%
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scala> repeaterRatinglist.select("userid™, "mealid™, rating™, “reviewtime™). show(10)

] userid]| mealid|rating|reviewcime|

| A10200PGAKNEOT | BOODQISOXG |
A10290PGAKNBOT | BOODQTSOX6 |

| A10410535ID37WNEBGT T8 | BOO4AUGISE |
| A10410535ID37WNBGTTS | BOO4AUGISE |
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| .
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I AL108ONOVOPXIWZ | BODOAP 2670 Q1457120000
| ALOBONOVQPX1W2 | BOOYAP, 018496616000 |
I ALOCIING7KBRAW | BOOOMPGRO 0]1496326400|
I A10CITINP7KBRAM | B G IOE 0]1495822400|
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Fig. 5 Algorithm flow chart
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Tab.6 Comparison table of evaluation results
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scala> val realrecommend=recommendationrecords.map{case (user,meal)=>reverseuserzipcode.get(user).
realrecommend: org.apache.spark.rdd.RDD[(string,string,string)]=MapPartitionsRDD[44]at map at

scala> realrecommend.collect.foreach(printin)
(A1PTBXZG@4GT29,B0054 TKISE, K ifil 3t )
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Fig. 7 The operation chart of the recommended data
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