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improved algorithm based on KCF(Kernel Correlation Filter) algorithm to
ate background. Firstly, three features, HOG(Histogram of Gradient), CN(Color-
ern), are extracted for fusion to acquire adequate target feature data. Secondly, a

introduced to estimate the optimal scale size of the target and obtain the most suitable

tracking frame. Finally, a“peak update strategy is proposed to ensure that model updates are not affected by error
information interference. The experiment results show that the improved algorithm has 6.5% higher accuracy and 4.8%
higher success rate than the KCF algorithm, and it also shows good robustness in handling scale modifications,
distortion, rotation, and other factors.
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Fig. 1 The flowchart of the proposed algorithm
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Fig. 2 Response graphs of single and multiple peaks
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