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lem of automatic detection of smoking behavior based on intelligent security
al-time smoking target detection method based on YOLOV7 to solve the problems of

rting defects of smoking detection under complex circumstances. By locating cigarettes

and people in the venue, real-time detection of smoking behavior can be solved through target association. The
experimental results show that the mAP value of the proposed method is 90% and the frame rate is 130.1FPS,

indicating that the real-time smoking target detection method for human body based on YOLOvV7 is more suitable for

high-precision real-time target detection systems.
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Fig. 1 Classification of target detection methods
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Fig. 4 Model test results
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Tab.4 Average test evaluation indicators for different algorithms
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Fig. 6 Detection of ing and work behavior in security venue
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