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Abstract: Diagnosis of clg nial deformities is a typical classification problem of machine learning. This

paper proposes to conduct_thide;dim&sional modeling and data augmentation on CT (Computed Tomography) images,
from which nine numegi es are extracted, and their differences between normal and deformed cranial bones are
analyzed, demonstrati ffectiveness of the selected features. The stacking method is selected to construct an
ensemble learning classification model for automatic detection of cranial deformities, and it is applied to the clinical CT
dataset provided by a certain hospital for ten-fold cross-validation experiments. The experimental results show that the
ensemble learning model is superior to a single classification model, with an average prediction accuracy of about 0.986
and an F1 value (a statistical indicator used to measure the accuracy of classification models, while also considering the
accuracy and recall of classification models) of about 0.982. All of its evaluation indicators are also better than similar
models currently available.
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Tab.1 Names of nine numerical features and their descriptions
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Tab.3 The mean and standard deviation of scores for primary
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Tab .4 The score and standard deviation of performance evaluation for

indexes for secondary classifiers(x % s)
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