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Abstract: This paper pro sign a deep reinforcement learning algorithm research platform to address the

lack of effective algorit h platforms for intelligent command and control decision-making in sea and air
swarm confrontation. F pplication requirements are analyzed and then the platform composition and hardware
architecture are intro inally, a sub-process is designed for scenario design, algorithm training, and algorithm
evaluation. The platform design adopts a mode of separate simulation kernel and display module, and parallel and
distributed operation, supporting rapid training of deep reinforcement learning algorithms and the verified evaluation of

decision control effects. It avoids unknown risks and a large amount of time consumed by direct physical experiments

J6oRit nf Research Platform for

of sea and air equipment, and it can effectively improve the efficiency of algorithm research and development.
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Fig. 1 Diagram of platform module composition
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Fig. 2 Platform hardware architecture

2 F&{FFHiIE (Platform usage process)
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Fig. 3 Scenario design sub-process
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Fig. 4 Sub-process of deep reinforcement learning
algorithm training
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Fig. 5 Sub-process of deep reinforcement learning
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