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anaﬁzes the problem of low Quality of Experience (QoE) for live streaming

eme for Live Broadcasting

Abstract: This paper studie
users in multi-user and mult
NSGA-1I (Non-Dominar

decision-making obj

enarios. To improve the QoE of users, this paper proposes to design an improved
enetic Algorithm), namely L-NSGA- I, taking energy consumption and delay as
he algorithm uses linear ranking to accelerate the convergence of the parent selection
algorithm. The experiment®shows that compared with the LUA, NSGA- [, and Random algorithm strategies, the
proposed scheme reduces the average latency by about 9.1% and improves user QoE by about 4.39% . This scheme has
shown good performance in reducing latency, improving throughput, and reducing energy consumption when applied to
live streaming scenarios.
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Fig. 1 Design scheme of unloading strategy
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