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Abstract: Code classificati ba’ task for software development and management, which is conducive to

code reuse, code comprehens search and code maintenance. Existing supervised approaches for code
classification require a la r of labeled data, and the cost of data annotation is high. To solve this problem, this
e classification method. Firstly, preprocess the code by eliminating whitespace and
condly, a pre-trained model based on BERT (CodeBERT) is adopted to extract relevant

features such as syntax, semantics, and context of the code on unlabeled samples. Finally, the classification task is fine-

paper proposes a pre-t

low-frequency symbols¥

tuned on the basis of the pre-trained model. The experimental results show that this method achieves good experimental
results even in small training cycles, and its F1 value is about 12% higher than that of the Text Convolutional Neural
Networks (Text-CNN) method.
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Fig. 1 Code classification based on CodeBERT
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Tab.1 Experimental results based on CodeBERT

Epoch Precision Recall Accuracy F1
Epochl 0. 939 0.939 0. 939 0. 87
Epoch2 0. 983 0. 983 0. 983 0. 96
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Fig. 2 Experimental results based on Text-CNN model
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Tab.2 Comparison of experimental results

Ay Precision Recall Accuracy
CodeBERT 0. 983 0. 983 0. 983
Text-CNN 0. 853 0. 840
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