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Abstract: Traditional co filtering recommendation algorithm tends to ignore the similarity between

users and items when calcul imilarity measure between users, which leads to the decline of recommendation
performance. In order his problem, this paper proposes to design a recommendation algorithm combining
forgetting mechanism r similarity. The algorithm is based on the user-user and item-item cosine similarity
values and relationship duality. At the same time, the forgetting mechanism is introduced. The preference weight is
calculated according to the user's score on the item and the memory retention rate, and then the system coverage and
click rate are improved by carefully merging the similarity values. Through comparative experiments with other link
prediction algorithms on the dataset MovieLens, the results show that the hit rate of this algorithm is about 7% higher
than that of other algorithms, and the coverage rate is slightly higher than that of the existing algorithms.
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