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Abstract: Most of

object-oriented pro;

g code annotation generation techniques are targeted at method granularity. For
ses are their core components, so it is necessary to generate annotations for classes. To
solve this problem, this er proposes a class annotation generation method combining class prototype and deep
learning technology. Firstly, the class prototype is determined and the corresponding class annotation template is
selected. Secondly, information in the class is extracted to fill the template, and the method code annotation is obtained
by training the bi-encoder model for the methods in the class. The experimental results show that the proposed bi-
encoder model in terms of method granularity performs better in the result evaluation score of method code annotation
generation, and the annotation accuracy of class granularity is higher.
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Tab.2 Taxonomy and description of class prototype
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Tab.3 Controller class prototype annotation template
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Tab.4 Rules for extracting information from classes
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Tab.5 Comparison of evaluation index scores of different models
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Tab.6 Evaluation results of class annotation generation performance
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Tab.7 Experimental results
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public class GwtController implements ControllerManager {
private int index;
private String name;
public boolean instance ( ControllerListener cl, Collection

< ControllerListener = arrays) {

At for(ControllerListener c: arrays) {
if (c. isInstance(cl))
return true;
}
return false;
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return true
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