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Abstract : Falls are one of the

ain causes of death in the elderly due to injuries, and immediate rescue after falls
can alleviate the serious conseque’ au&é by falls. Meanwhile, with the development of micro-electro-mechanical
technology, research on fall ased on wearable devices has gradually become the focus of scholars. In order to
systematically review th progress of fall detection based on wearable pressure sensors, this paper firstly
proposes to analyze and characteristics of wearable pressure sensors acting on fall detection based on the
physiological structure ofNhe human foot. Secondly, based on the framework of the fall detection system, a detailed
overview is given of the setting and system integration methods of pressure sensors, special processing methods of
pressure data, and different judgment methods of fall detection models. Finally, existing achievements are classified and

compared, which provides reference for subsequent research.
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Fig. 3 Framework of wearable fall detection system
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Tab.1 Performance comparison of common pressure sensors
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Fig. 4 Thin film piezoresistive sensor
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Tab.2 Comparison of parameters between FSR402 and FSR400

B8 FSR402 FSR400
ARIX R /mm $12.7 $5.0
fERAR RS /mm 0. 46 0. 30
J& 3 R HI/N 1~100 1~100
JE5R R ABE L/ psi 1.5~150 1.5~150
HEME/ % +2~+5 +2~45
i 52 J3 E/ K KTF 10 000 000 KT 10 000 000
LB/ C —30~70 —30~70

2.2 RERBYHEMNE

T AT BT T 3 . b [ IE R A R AE BN A2 Y JE
JEEHE 1 4335 LA B AR [P ) 4 J2 D R 7 194 4 A1 G k3
FEBER I 5 b A5 AR 4 AR [R] A R BB, R T A
] T 28 (I 5) . 7 SC @I o 2 T i B A% A 1Y B
(ND LB T = 7 1% I8 LB N>8 8 4
N<8: R G 1IN

() B (b) i Rk

Ao HERBEHIREFE
Fig. 5 Sensor quantity configuration scheme
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Fig. 6 Different forms of pressure data collection system
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Tab.3 Fall detection models in recent years
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