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Abstract: In vi e three major problems in current table tennis teaching, non-standard student swing

movements, insufficient onalized teaching, and relatively low teaching efficiency, this paper proposes to design an
Al (Artificial Intelligence) scoring system for table tennis technical movements based on Al computer vision
technology. Based on the construction of top-quality table tennis courses in Guangdong Polytechnic of Science and
Technology, an Al model with eight basic technical movements of table tennis is built, and target detection, posture
estimation, and action recognition algorithms are used to score students' actual movements. The experimental results
show that using the Al scoring system for table tennis technical movements is beneficial for carrying out personalized
teaching, improves teaching efficiency, and supports distance teaching. Therefore, this proposed system can be

promoted and applied in table tennis teaching.

Key words: table tennis; teaching technical movements; Al scoring of movements, computer vision; Artificial Intelligence
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