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Abstract: Using textmining techniques for sports hot topic analysis can provide more useful information for the
development of the sports field. This paper proposes a method for extracting Chinese text keywords based on TF-IDF
and TextRank. This method preprocesses the text by tokenizing and removing stop words, and then calculates the
importance of each word using the TF-IDF algorithm and normalizes the values. Fianlly, the TextRank algorithm is
used to weigh the relationships between words and calculate scores for each word, which are also normalized. Finally,
the TF-IDF values and TextRank scores are weighted to obtain a comprehensive weight for each word, ultimately
obtaining the N keywords with the highest weight value. The method of combining TF-IDF and TextRank achieved
better results when selecting 5 keywords on F, value, and compared to using only TF-IDF method or TextRank method,
the accuracy of keyword extraction increases by about 40% and 32%, respectively. This method effectively improves
the accuracy and efficiency of keyword extraction.
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Fig. 1 Diagram of keyword extraction steps using the method of
combining TF-IDF and TextRank
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Tab.1 Basic information table of the data set
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Tab.2 Design of the database tables
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Tab.3 Time consumption of different word segmentation patterns
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Tab.4 Applicable types of stop word list
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Fig. 2 Operation flowchart of TextRank based on PageRank
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3 Z R4 #1(Result analysis)
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Tab.6 Extraction results comparison of TF-IDF, TextRank, and the

combination of the two methods
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