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lacement strategy of Hadoop Distributed File System (HDFS) balances the

Abstract: The default da
reliability of data storage e speed, but does not consider the optimal performance of the cluster. The paper
proposes an optimized ment algorithm to address this issue. Two indicators for data chunks, namely query
rate and average read designed in this algorithm, to evaluate the demand of data chunks for cluster execution
tasks. On the premise of meeting the basic rules of HDFS default placement algorithm, the data with the highest
demand are transferred to the node that can process them the fastest, by analyzing the demand of chunks and
recalculating their placement. Experimental data show that the algorithm can improve the overall performance of the
cluster by more than 20% . The optimized data chunk placement algorithm is effective and will not increase the
utilization of cluster bandwidth.

Keywords: HDFS; data chunks; placement strategy; performance optimization
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Tab. 1 Sample table of data chunk requirement statistics
gt ID c T(/ms
A 150 9
B 110 5
C 40 11
D 30 6
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Tab. 3 Initial statistics table of data chunk
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Tab. 4 Recommended placement table of data chunks
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Tab. 5 Data chunks statistics table after the first replacement
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