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ence of real estate text comment sentiment on real estate price fluctuation and its

Abstract: In order to study thQ¥y
market phenomenon, this pap
CNN (Convolutional Neyra'

dictionary is construc

a real estate network public opinion analysis model based on the hybrid method of
ofk) and BiLSTM (Bi-directional Long Short-Term Memory). A region-specific sentiment
e text sentiment polarity is obtained through CNN and BiLSTM. The sentiment score is
calculated by using the quantitative sentiment index, and the number of mutual information is calculated by fitting it to the
Baidu index. The results show that the quantified emotional value of real estate text is 67.84%, which is roughly the same
as the correlation coefficient value of Baidu Index. The trend of the two is basically consistent. This method can be used to
measure the trend of public opinion of real estate reviews in real time, and provide intellectual support for decision-makers
of real estate enterprises in the context of digital economy.
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Fig.1 Diagram cm—BiLSTM network model structure
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Fig.2 Structure of the BiLSTM model
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Fig.3 Experimental flowchart
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Tab.1 Model experiment environment settings
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T, omparison table of text sentiment classification

Vi 4R WA g —
Python 3.7 -
M 0.7956 0.8523 0.7386 0.779 5
tensorflow
LSTM 0.8861 0.8925 0.878 6 0.884 6
keras
TextCNN 0.8439 0.8536 0.8456 0.856 3
pandas
BIiLSTM 0.9162 0.8949 0.908 4 0.893 6
matplotlib
BiLSTM+Attention 0.9012 0.9357 0.8129 0.8256
gensim
CNN-BiLSTM 0.933 8 0.926 8 0.924 9 0.928 7
numpy . e
reloud MRIT A LAF H, £ T CNN—BIiLSTMA AR 75 117 3¢
wordclous
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Tab.2 Model hyperparameter settings

5% CNN BiLSTM

A [ 2 100 100

BT A 64 Null

Padding same Null
Dropout 0.5 0.5
EARUEL/ K 10 10
Batch_size 256 256

Activation relu tanh
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Fig.4 Analysis chart of sentiment correlation
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