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a rem‘t of VR (Virtual Reality) big data and ensure that the measurement results
nt measurement method for VR big data based on deep reinforcement learning
ses on screening the intelligent measurement indicators of VR big data, the reliability
herical tool. Secondly, deep reinforcement learning is introduced to intelligently fit the

ent to ensure the consistency of the measurement results. Finally, a measurement standard

value and regression coefficient are set through the regression model, and the measurement results are evaluated according
to the consistency calculation formula in the regression calculation, realizing VR big data intelligent measurement results
correction. The experimental results show that the proposed measurement method can achieve high consistency in the
evaluation of different VR big data in practical applications, and the measurement results are more consistent with the reality.
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(Intelligent measurement methods for VR big
data based on deep reinforcement learning)
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Fig.1 Screening process of intelligent measurement
index of VR big data

PR E LR, BT 1R VR KRS 8
); 1 &
BEI

RS EE MR, i R,

LK S B AR A R SR AR AR, (MR
ﬁOWﬁ%Eﬁﬁ%%%L,%mmﬂ“g\ﬂﬁ%ﬁ%%
SYHT T AR A PR (T 4 . O W T st
PE. ATESRE. mRME. R A NOENE — VT R,
BEA DA AR RS e A RN L WIRE G, K R 48 R
MERTAL, (3)ERIFLE, 07 I0E & 5 i Delphiyk (H/R3E
B, BRSSO ) SRRy

F1 VRA RS 82 iT547

Tab.1 Intelligent measurement index of VR big data
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Tab.2 Measurement data set
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Fig.2 Comparison of measurement method consistency between

the experimental group and the control group
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Fig.3 Comparison results accuracy

4 Z5ig(Conclusion)
A SCABTT VRICHE & BB PR F6 5 . I F B 18 BE L)
A, MPPERIE =05, TPRE TR R S IVRK
BB RE M IAIE I, RSB BRI AT AT, Rt
(FEE5E5T)





