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Abstract: In view of the atdthe customer service robot does not always give a relevant answer, this paper

proposes a design method 1 service robot that combines recurrent neural network learning algorithm LSTM (Long
Short-Term Memory), T
LSTM algorithm with lo

leads to higher accuracy. TF-IDF algorithm can express unstructured customer questions and question library questions

rm Frequency-Inverse Document Frequency) algorithm and cosine similarity algorithm.

nd short memory method is more conducive to word segmentation from the context, which

with structured vectors. The cosine similarity algorithm is used to match the customer's question tag and the question library
tag, and the optimal reply can be submitted to the customer. Test results show that the cosine similarity value between the
customer's question and question A is only about 0.52, while the similarity value with question B is up to 0.81. Therefore,
reply recommendation can be well realized.
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