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aM of great significance to the quality of textiles. Aiming at the problems of
yarn tension during the weaving process, this paper proposes a constant tension
ased on neural network. Neural network is applied to the weft feeder control algorithm
in real time, so to improve system performance. Then, vector control is applied to motor

achieve a good motor control effect, and stable control of the yarn tension is finally realized.

Tests show that the proposed yarn control solution has good real-time performance, precise and stable yarn tension control,

and can effectively control the constant tension of the weft feeder.
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Fig.2 Structure diagram of BP (Back Propagation) neural

network

LRI IIME, K
EHEAT LB R Ry TERP ik IRy i R b, REAEAR 3
3l 7 S B AR RN S LG 6 2 PP 45 T8 R AT &K T Y
IEG IV B 20 RSB 5 W AT iR, Bk ik
o 5, RIS Lh A AL, (AR AL A
WA —28, BEARD &K TTs [z, KRN
4E S BPII M 4 FIPIDR T T % BPH & W
ZHIPIDIE &, AIE3PTR,

BPHHLE LS

kp ki kd

vit)

£ PIDHI 2 TRl >

v
o)
e(k)
elk-1)

B3 K TBPAY 2 WA MPIDIE 4 B4 & laik hIEHIER

Fig.3 PID weft feeder yarn constant tension control
framework based on BP neural network
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