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Abstract: With the digital and intelligent development of road monitoring system, vehicle type recognition has become
one of the research focuses of intelligent traffic systems. Based on video images of the road monitoring system, this paper
proposes to roughly locate the front face of the car, and then accurately locate the face of the car on the basis of the rough
positioning. Based on the horizontal gradient horizontal projection and the horizontal gradient vertical projection of the
accurately located front face, Histogram of Oriented Gradients (HOG) feature of the vehicle logo is extracted. Thus, a car
face feature point extraction method based on the HOG feature description is proposed, and the vehicle logo feature vector is
classified and recognized by Support Vector Machine (SVM). Experimental results show that only by selecting proper HOG
feature parameters can the vehicle recognition rate be improved.

Keywords: car face recognition; video recognition; HOG; SVM

1 5|5 (Introduction) AR A T H, RERER R R LWl R S
% AR S, KGR M RATAEE R A (Intelligent Traffic System, ITS)'HieE % &, A @A

FEWH 202141 RBERARDITE I BN 2204 N A RIBEF AR AI BT (2021-R-93916).



246559

i A . BT T B L5 PRRR AR (1 R T A 5T 39

GUPEEMEAFA, FM. FARRNSE, FRGH
FEZI AP, —FhRE T WA B A 2 BT R A Oy
W, FEAHBER LB, SRR, BORGELE,
3 Ah—Fp 2 BT ISR R CCD(Charge Coupled Device)
AR HED, P8 S0l R G O L, R T SR
TSR B AR A B E BAUSRGHEAT I, ITSIRR I HE A2 5
TG G BGRBIROR, (B H BITES R AT_EAH R
B, BLAHTE E N AN T B A B R B B SR B 5T
1] 2B AR DE v, o 28 0 245 30 9 DA R S 1 L
(Support Vector Machine, SVM)iHZREC A EERF5T
SVMEZRRGITTIE.
2 FEFHHERERBAR (Vehicle face positioning

technology)
2.1 FRWEEMEAR

HUE (2 e R B T IE M IS 5, e FEEAT
HERE B P AR SN, iz EZH TR E G Y
Rz B e, S EERBU S E R 4k, Hp g
[ SCRAST e A By, DA R 3K R IR R T AE
W, RMTFZEERHFE WG ERREET R 08, &
e (i SRR A R AN LR

5

F

(a)PUsE 8

(D) R
A1 F o) T2 RN

()FFiZR

Fig.1 Extraction results ¢ cwdle face operation
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Fig.8 Frame diagram of vehicle face recognition system
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Tab.1 Error rate of vehicle recognition with different

grid sizes
cell
block 16X 16 8x8 4x4 2X2
2x1 12% 10% 9% 10.5%
4x2 9% 8% 6% 11%
8x4 10% 9% 8% 8.5%
4x4 7% 6% 5% 6.5%
2%x2 10% 9% 7.5% 9.5%
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