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ommendation algorithm based on linear model extracts single characteristics of
ersonalized recommendation when users and items contain a large amount of
, this paper proposes a convolutional neural network recommendation algorithm
Igorithm can extract hidden high-order information using a nonlinear model based

s complex and sparse data. First, a deep network structure composed of two-route multi-

layer sensors and convolutional neural networks is designed, which realizes the use of social tag information and user rating
information to model the potential feature vectors of user interests and item information. Then, a multi-layer neural network
after learning is built, and the fusion output layer is used to obtain the prediction result. Finally, the real data set is used

for experimental verification. The results show that compared with the current mainstream recommendation models, the

proposed algorithm can better utilize social tag information for accurate recommendation.
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