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Abstract: In order to further unlerstand the development trend of sentiment analysis, this paper proposes first to sort

out sentiment analysis methods

literature. Basic principles a
methods in e-commerc

application are discus

ine learning at home and abroad, after sorting and analyzing sentiment analysis
m improvement are introduced, followed by the practical application of several
nt evaluation and disaster management. Difficulties in the current sentiment analysis

the processing ability of related methods is evaluated. Finally, it is concluded that the

processing method of combining upstream and downstream tasks is worthy of in-depth study, and the prospect of the future

research trend of sentiment analysis and the challenges of related method improvement are given.
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1 5|5 (Introduction)
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sentiment analysis)
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