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Abstract: This pa es to apply Artificial Intelligence-Natural Language tool to transform professional and

non-intuitive meteoroloB ta into understandable and user-friendly texts, thus improving the speed and rationality of
meteorological services. The raw meteorological forecast data of the CNOOC's four offshore blocks in Eastern South China
Sea is retrieved firstly, and the neural network is applied to perform regression fitting on the data, so to generate a smooth
curve showing the monotonic interval, extreme points, and increase/decrease range of future wind speed. Then, Natural
Language tool is applied to process the forecast texts which are automatically generated based on a combination of rules and
statistics. Using the proposed method, the current 45-60 minutes manual forecasting work could be completed within 2-4
minutes, which greatly improves the efficiency of sea weather forecasting.

Keywords: sea wind forecast; automatic generation; natural language processing; neural network fitting
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Tab.l Comparison of POP3 protocol and Zmail module
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Tab.2 Original data &fter ®leaning on September 7, 2020
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Tab.3 Wind speed average, variance, median and

weight table of each block

X #4R LF LH XJ EP
SEYE 10.96 11.05 10.19 10.43
T2 3.74 3.79 3.40 3.43
Hi g 11.32 11.32 10.51 10.60
WE 0.25177 0.25207 0.24774 0.24842
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Fig.1 Wind speed forecast for the next 10 days in the

Eastern South China Sea
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