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Abstract: Traditional model of recommendation system algorithm mainly focuses on the relationship between

user preferences and items, and makes recommendations according to users' subjective opinions. It fails to take into full

consideration the objective environmentiof the user and the item, resulting in actual deviation in recommendation. This paper

proposes to improve model recommendation effect by introducing time factor into traditional recommendation algorithm.

The improved model is realized by comparing algorithms with and without time factor, and using UserCF algorithm and

ItemCF algorithm to observe the changes of MAE (Mean Absolute Error) values. Introduction of time factor improves

the algorithm model of traditional recommendation system, which mainly focuses on the recommendation distortion of

user preferences and the relevance of items, so to improve the reliability and practicability of the model recommendation.

Experimental results\show that introduction of time factor can improve MAE index of traditional collaborative filtering

algorithm; and calculation effect is better than that of traditional recommendation algorithm.

Keywords: time factor; personalized recommendation; collaborative filtering
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Fig.1 UserCF algorithm flow
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Fig.2 Improved UserCF algorithm by introducing time factor
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5 LBPHESER ST (Experimental simulation
and result analysis)
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Tab.1 Changes in MAE values
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UserCF 0.9 0.8 0.84 0.81 0.79 0.78 0.83

5| ABfE]E FUserCF | 0.89 0.8 0.82 0.79 0.77 0.79 0.82
ItemCF 0.84 0.8 0.77 0.73 0.71 0% 0.73
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Fig.5 Analysis of the value of f hyperparameter
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