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Abstract: At present, colleges and universities are concerned about students' attendance. In class attendance statistics,
there are often situations in which(students have not yet arrived in class but have already completed sign-in, which affects
the accuracy of attendance statistics. Therefore, it is urgent to manage students' class attendance effectively. Sign-in system
with face recognition technology is convenient, accurate, and fast. This paper proposes to design a sign-in system based on

artificial intelligence (Al)iface recognition algorithm. The proposed system can better meet the needs of highly efficient and
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precise sign-in, and.the needs of modern information teaching management.
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Fig.1 System flow chart
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Fig.2 Flow chart of students' sign—in
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Fig.4 Recognition rate comparison of three methods

MEART AR (A ZHER AT %, FHLBPRXE
MEA SRR R, ARERE TAFDE IR TR A R 50
i,
4 Z5ig(Conclusion)

AR T EmREBERERHE S TFEER RS, ©



246557

Brfeteds, MRS S R s

HRE MR RS2 ) BN 2% SRR IR LT, $e THT

AR E B R R A, SRR P aTm R &2 T Web

BFF %, Ja iR A= T Flask (IMTViR I, 08 R A

MySQL, TE AR IRFIRFE S, E0T E G IR B Ak B K ' B 2

X BB AR B 52 0 43 51 N 28T TR B 2 5 B 2 0 2% R A AE

Rl AP, S SEIRAERIESE, 5 2R IR R & 0 AETE

NI BT I BN G BE AR B2 2K

SEZ 3k (References)

[1] A8, %) 3% 2k, 5 & T ERGARIRARE T EE R
R[] B A AK,2019(2):13—14.

[2] F&F 2 R AR IR A AL A B R 460 5 £ILD]. B %
%2, F A K 52019,

[3] & RIGER F K E Webdl 3% FF L H K89 %L 5 MVVMiL
HABL XA AR[]]. s 4e iR 5 A K, 2018,14(02):221-222.

[4] *F AR X FEMVCHEIH R 5 Strus RA[J]. M &L 2B RS
&R ,2015(2):12—14.

[5] & A454E. A FPython® MYSQLELIE B 37 F# K [J]. IARAZ &
FH#,2017,1(04):73-75.
[6] LECUN Y, BENGIO Y, HINTON G. Deep learning]]].
Nature, 2015(521):436—444.
[7] 73 TR B 5T 69 A AR R A H AR 9 A A [D]. AL %
F EA IR K 5,2019.
[8] 4RKM.Z 2] R P ARIRA F k0BT R 5 £ I D] AL
K ,2020.
[9] #A 4,7k v P EM AT LBP HAE4E M 2T (9 AR H K
L)) AZ 83812, 2020,212(08):38—40:
EEE A
M2 4(1978=), Zr, Bl o #He. PR . WyHk I 5 AR K
IF .
T4 (1980—), 24 Mt PV A48t . Pk Bk &
KA

(F#2555970)

BT R BRI R, X5 SEERE SUMEAE, NIRRT A

R AT AT S AR

5 #5if(Conclusion)

ARG AL R 123 G/ M AR, B0 & SRR
FIOTE, A5 PO H R S0 10 AN AR re il i PCARE
4k, K—meansTEAEAERT S B AR, 47123 bl Rl 47
B A, R A RGBT R, AR & BRI
AR EF AR HEA T Fisher M H RT3 R [F] XU 55
GT AR -3 58 2 288 T B SR Ak AR AR AT AR )
HE PR ARG E NIRRT S AR R &
PEARAERL, 2 X ARG ML AR A ) SR, 153 R ARAT XA ]
BT A SRR
Sk (References)

[1] B4 B £ TRl T b Ak a o L4525 48 30 R 3146 B
AN —& T dE MR & [)). 2 /% 5,2020(10):58—
61,72.

[2] A Ak, 30 E S D R Ak a3 69 B R ALEE R BUR £
HRAHFR—R TERREL MR e Rk F A ZERAN
7 )] AR5 ,2019(05):50—58.

[3] #RAse HBAR AR R T KRB 43 A 3R B AE R
BER()) 4 AR 255 B AR, 2020(07):22-26.

[4] R0, & 4. B L ARAT A o B A B A R Ky it B
T[] #0 3L B T AR (A AR A 52 0R),2019,16(09):48—51.

[5] Z B8 RATIEAALR P RERIEFEN 5 125 FF L [D] AR T4
bl A X 5,2007.

[6] 53R .PAAT DA AZ R F MR R BFR[D]. B %%
& i K 5,2020.

[7] Meak, Zok AR T RABAEARAG T P43 AR EARA 6%
5 I Hk A S F 2k, 2019(01):176—178.

[8] RE. T M A DT ik []]. 34 T42,2016,19(06):1-3.

[9] TANG J L, ZHANG Z G, WANG D, et al. Research on
weeds identification based on K—means feature learning|[J]. Soft
Computing, 2018, 22(22):7649—7658.

[10] hmeF XA FLFTF LRI HEGEES
Hr——35 F #) 5] 57 ik Fo e AT AEAL 04 57 []]. 4 Sk A
%,2011(03):111-120.

[11] R BA &, £%% HPFr A TR EIAER[)].BHAE
#,2016,35(04):98—103.

[12] & K F A T12 8 R Ie345 69 B 4847 5 32 M AF (D).
AR F AR K 52,2007

EE®E T

B—(2000—), 55, ABHE RO Pl .

FAE(1999-), 2, ARVE RS SR,

JRAK(2000-), 2o, AR FFRGUR: SEES.

& A #(1968—), 2, Wit:, BIBUR. RGN FeeddEL

B, AERS .

%





