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Abstract: A large number of confusing words appear when Naive Bayes classifier is used to classify commodity

description. This makes it difficult to ensure independence between features. This paper proposes a Bayesian classifier

algorithm optimized by stop words. Mest confusing words can be filtered out by using word frequency statistics word

part-of-speech screening. Aiming,at the problem that similar categories cannot be distinguished, confusing categories are

trained separately and the training process is recorded. In test phase, sub-models are judged and then used according to the

results, so to realize detailedidistinction. Experiments show that the optimized solution is indeed feasible, and can reach an

accuracy of 97.80%.
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Fig.1 Matching failure statistics
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Tab.2 Comparison of accuracy and time

o) (75 RRTES LS

1 FRAEHNE T 5K §7.70% 2 /24 Syl
(IR Tl A S 5 2 2 .
G B R e O oo 2/DRT30 e
0 T T AR 0 T 183 B 1 e .
T P AR ST 4 0 92.79% 2 /N30 54

4 SR AR SCYNGr 452 3R %6 95.42% 2 /NIFST 44

5 SR T =R 97.80% 4 /INRF30 43k

ATSERRAER, KBUERMRCREH A, ATt
RTINS, SERTEE, SChp BAERN & HR

(#5827 1)





