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3 LW NERSH(Experiments and results

analysis)
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Tab.1 The performance of F—Measure

(L7 El7 LIU JIA ROSL ViBe GMM
1 68.7049  64.4734  64.8360 6.8933 7.4039 19.1125
2 62.8487  45.4585  57.1424  29.6254  31.6838  31.7032
3 91.6455  54.2811  52.2978  42.9560  41.0622  42.1934
4 90.1594  83.3014  80.2373  47.7882  47.7912  36.4114
5 77.3657  63.4212  24.3620 9.5736 11.8970  13.1483
6 93.6668  87.0477  68.0965  27.2567  41.2226  29.7971
7 99.9148  97.9695  98.8125  45.8454  43.7791  45.8935

“F¥J 83.4722 70.8504  63.6835  29.9912  32.1200  31.1799
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