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Abstract: With the continuous popularity’of smart classrooms, traditional manual evaluation methods are far from
meeting the needs of evaluating téaching behaviors in teaching videos of smart classrooms. In view of this problem, this
paper proposes a frameworksforvintelligently evaluating teaching behaviors. In the framework, teachers' body posture
information is first obtained though"HRNet (High Resolution Net) deep learning network. Then an index to evaluate their
teaching behavior is established according to the teachers' posture information. Finally, comprehensive scoring of the
teachers' teaching behavior is achieved by using the fuzzy comprehensive evaluation method. Experiments show that the
overall evaluation results of the proposed framework are consistent with traditional manual evaluation results.
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2 tHERF S (Related works)
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3 AEZEFHBIAF|E X (Human posture recognition

algorithm)
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Fig.1 Principle of human posture estimation algorithm
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Fig.2 Example of human bone points in test video
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Fig.3 Display of nose, left & right hands positioning

information in Ist test video

4 EZTHRESHITEN #5ER(Evaluation criteria of
teaching behaviors)
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5 #HZEITAHALZEETEY (Comprehensive evaluation of

teaching behaviors)
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Tab.1 Factors evaluation matrix and comprehensive evaluation

” CR i bits

BN
L3 N £ 73 £

S0 h ot Al Sramey, frame,,

1 0.40 0.57 0.53 0.09 0.32 0.71 0.42 0.47
2 0.92 0.51 0.54 0.29 0.00 0.70 0.52 0.53
3 0.79 0.75 0.68 0.62 0.48 0.71 0.69 0.72
4 0.81 0.74 0.91 0.00 0.00 0.99 0.59 0.62
5 0.00 0.00 0.00 0.01 0.00 0.00 0.00 0.00
6 0.66 0.26 0.37 0.53 0.00 0.72 0.44 0.46
7 0.92 0.41 0.87 0.91 0.00 0675 0,70 0.69
8 0.13 0.70 0.85 0.14 0.00 0.92 0.46 0.49
9 0.54 0.35 0.95 0.57 _0.68 0.00 0.55 0.56
10 0.27 0.00 0.75 0.29 0.43 0.78 0.38 0.45
11 0.00 0.74 0.86 0.65 0.00 0.41 0.49 0.48
12 0.13 0.56 0.00 0.00 0.00 0.99 0.24 0.30
13 0.40 0.72 0.77 0.28 0.00 0.73 0.51 0.52
14 0.92 0.98 0.90 0.71 0.64 0.60 0.83 0.85

6 #5it(Conclusion)
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