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Abstract: The human-machineidialogue system is usually only the executor of the user's command, and rarely initiates
a dialogue that proactively,develeps personalized human-machine interaction based on content outside but associative to
the dialogue. This paper proposes concept and corresponding design of the associative chatbot, that is, dialogue content is
generated by integrating user questions and user personal characteristics. Such a dialogue system can not only actively send
out dialogue invitations, but also answer user questions in a personalized way, and improve satisfaction of human-machine
dialogue. The paper first introduces differences and connections between the associative chatbot and other types of dialogue
systems, and discusses key technologies and methods required for designing an associative chatbot. Then, based on Finite-
state Machine (FSM) method, this paper takes online education system as an example and constructs algorithm model of
proactively associative chatbots and generation strategies of associative dialogues. Therefore, chatbots can associate user's
historical behavior with new conversations and generate intelligent dialogues based on user's situation.

Keywords: associative chatbot; dialogue system; Finite-state Machine
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Tab.4 Event quantization of learning, outcome FSM
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