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Abstract: Chatbot technology has“always been a research focus in the field of human-computer interaction. Chatbots
based on text or voice havesbeen widely used in practices. However, it is still challenging to build chatbots that can converse
with human in a natural and\fltent way. Emotion, an important aspect of anthropomorphism, can make human-computer
interaction more natural and fluent. Therefore, in order to promote development of chatbot technology, this paper provides
a systematic review of emotional chatbots, including related concepts, development history, emotion generation methods,
design ideas, and evaluation methods. Emotion-enabled chatbots are divided into emotional responses of designated
categories and generative emotional responses, of which generative emotional responses are the main trend.
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Fig.3 Words described by VAD model

5 BREMNFENEAMNTEMN(Evaluation of

emotional chatbot)
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