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Abstract: Responseswof. chatbots are generated by methods that are either generation-based or retrieval-based. This
paper mainly focuses on the use of contextual information, to further classify these two types of chatbots into single-turn
retrieval, multi-turn retrieval, single-turn generation, and multi-turn generation chatbots. And then, the paper summarizes
and elaborates the construction of each type of these chatbots, and lists application scenarios and algorithm implementation
challenges. Through generative and retrieval-based applications in construction of industrial chatbots, main difficulties and
solutions are analyzed. Finally, the future research trends and directions are considered.
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