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Abstract: Content and style of differentipictures can be merged by convolutional neural network to generate pictures

with diversified styles. This not only provides rich materials for film and television production, but also facilitates image

restoration and enhancement. Aiming ‘at thisind of problem, previous researchers have proposed some algorithms, which

turned out to be difficult to achi€ve ‘goed results in both time and space. This paper proposes a conditional normalization

network based on TensorFlow (assystem that transmits complex data structures to artificial intelligence neural networks for

analysis and processing)ito support multi-style fusion and rapid image migration. Multiple styles share a network model,

which greatly reduces time=consuming algorithm and relieves large space consumption for model storage, saving computer

resources. It is three orders of magnitude better in time than traditional migration algorithms, and 25 styles in space share one

model. At the same time, semantic features of the content map are retained to a greater extent, and the visual effect is better.
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Fig.1 Conditional normalizatien network
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Fig.3 Conditional normalization algorithm flowchart

3 SCI§(Experiment)
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Fig.9 Traditional migration algorithm generation diagram
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