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Abstract: Face recognition technelogy is‘widely used in ordinary mobile phone unlocking, face locking, face scanning

payment, and security protection, Traditienal machine learning algorithms are based on human facial features, and the effect

is often not ideal due to seriotis imbalance of each type of sample and lack of scene effect. This paper aims to use deep

learning algorithm and analeg.Center algorithm to improve technical capability of face recognition with respect to feature

extraction. Thus, defects of high semantic features and deep feature extraction, as well as errors in manual extraction will be

greatly reduced. Convolutional neural network is used to reduce manual intervention, improve accuracy of feature extraction

algorithm, so to improve the performance of loss function.
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2 &5 AR IRBIEIEFE(The process of traditional
face recognition)
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Fig.1 Traditional face recognition process
3 ZEpAKIRAHEFES EiE(Classical face
recognition machine learning)
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Fig.2 Face recognitionweandidate frame

(2)% =20, TR FHER S, W AE A A SR PLas
2 oy AR XRHEREAT 4026, Wl AdaBoost, CASCADE,
SVM., BEWLERM A, S hE AR K880 2K, aTLASE
AR X, iRm0 S EE R, EadXsFE, 7
PASERCA TR IR 55 . FRAE 2R DA S PERE IR 345 TAF
4 tEE NRIRAEEFER R 5 #T(Analysis of

existing problems in the process of traditional

face recognition)
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modification of face recognition technology)
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int main()
{
Mat image = imread("Fig3.15(a)ltop.BMP", 0);
HistogramlD h;
Mat histo = h.getHistogram(image);
for (int i = 0; 1 < 2565 i++)
{
if (histo.at<float>(i) 1= 0)
cout << "Value " << i << " =
at<float>(1) << endl;
}

namedWindow(" Histogram");

" << histo.

imshow("Histogram", h.getHistogramImage(image));
/+*namedWindow(" Cell");
imshow("Cell", image);
equalizeHist(image, image);
namedWindow(" CellequalizeHist")
imshow(" CellequalizeHist", image);
namedWindow("Histogram?2");
imshow("Histogram?2", h.getHistogramImage
(image));*/

waitKey(0);

return 0;
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Fig.3 Histogram equalization effect picture
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6 ZEit(Conclusion)
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