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Abstract: The accurate evaluation of the learning process of college students is an important link in the improvement

of students' learning efficiency, teachers' teaching methods and school teaching management. The existing evaluation

methods of learning process mostly rely on accurate mathematical models, which cannot realize self-learning. In this paper,

the SOM (Self Organizing Maps) model was used to evaluate the learning process of samples in an unsupervised state

without prior knowledge. Meanwhile, through PCA (principal component analysis) algorithm, the convergence speed and

clustering accuracy of the network can be improved. The case analysis shows that the improved SOM model can effectively

evaluate students' learning process.
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Fig.1 Two—dimensional array SOM model
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Fig.2 Feedback curve of Mexico straw hat functional
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Fig.3 Learning process evaluation indicators
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Fig.4 Classification results of training samples
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Fig.5 Classification results of testing samples
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