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Abstract: At present, informatization is entering a new stage, that is, the intelligent stage with data deep mining and
integrated application as the core. Smart campus has become an important part of university information construction. This
paper analyzes the current situation of university informatization construction and big data technology framework such as
Hadoop and Spark, analyzes and designs the student comprehensive evaluation system of smart campus from data storage

layer, core business layer and information display layer, so as to provide a scheme for the deep integration of big data

technology and smart campus.
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Fig.1 Overall system architecture diagram

3 HIETF(EE (Data storage layer)
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Fig.2 Flow chart of data storage layer construction
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Tab.1 Information display layer module function sheet
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