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Abstract:Because of the instability of data flow,it is difficult for distributed data flow processing technology to achieve

high processing efficiency for computing resources by arranging data flow query on fixed nodes.For this reason,this paper

proposes the research of distributed data flow processing technology under big data analysis.The specific process is data

collection,historical data storage and query,storm real-time processing,intelligent index,data model building.According to the

experimental results,compared with the traditional technology,the distributed data flow processing technology proposed in

this paper has a greater advantage in the efficiency of data flow processing,generally maintained at more than 75%,which can

greatly save processing time.

Keywords:big data;distributed;data flow processing technology;processing efficiency

1 5| = (Introduction)

LA, BEE S BBAR ST EALBA W R K e KK
FUBLHE VR, BROR B 2 1 R IA ELIE  tHE Ae, Ar
ERYE Bt it B TR E R o B T A o
REVEHE, %5005 A B R T2 7 S B 1 2 AT 4K
PRy TRk, B BT oA AL B R DAAL R38R %
O, FREEER X AT — R RAE . TERBAE T
BT, FAEUREET TRR, FEREEIBHE R TIEEZA
i, JFrLAIE D) R BCCAREE O g A B, DABCIRAG
HEIRF ST H R — RN E . BRibZ b, EorEdEL
PRE ARG AR T KA T AR HE, TEE IR AL 78 2 1 7 ik
ZS (), R T i) K RS e ) A B R & ol — T 42
Pk o

PG, EREIE TR T, 4 T AL o 1 BRI
WEHFIA . HEAR EZR A A E T Map ReducefyHadoop &

GiAb RS, [ Hadoop 3R Gee i MLEREE T O A FE 5
W2 SEUE G (FIFO), Bt BRI TR B TAL S50, DAKKIR
Tt ) 3K B ) SRR HEATAH AL B, FEAARE R 1 A L1
FERINFMAIE S A F BT E Z N, W] 385 R R A 55 25 o B
R, B SRR, A 5 AR 55 I e P S5 IR I =
B B BAE L TCEAG RO SE AL B R, B DASE X BT Map
Reducefi) 73 1 sUECHE AL BE B AR FERF 2 HE S RER A
Hadoop RGET1Z I H
2 REIES AT X EEERLER R (Distributed
data flow processing technology under big data
analysis)
2.1 HRWE
g B AR 2 7 A B R SR AR R, K T R ) i R
BT R BRI RS B R A T R B E E
—MRKEEBI, KEB 28 T 551 & B — K ERE ™ L



SE22E 55124

PUNE IV €/ I O B € R T S EEE - & S 45

PEK B2 RO, KFIX 2855 B G R 4 h AT i s 7 m eA
B, HRMERPEAMBELE LTSRN EN. F%
JE HG R BEA S U . ATREERE S, SCRITESR . RV
PSR, “rEOEE. SE—bB” 2 HATERR H S B 1
ARFBe, HEER WA T 7010 2 H G Rl b B A B i Fa
o HATESEM H GRS IR &5, A RE4kERER H
B2 R AR

22 HEHRNFEER

A KA B 1 Dy S BARAEATORMB AR B IR &R
5 1 GURAR R i X BB, 11 sURAHR o 1) B A B 5
KRR A FRURIEATES) #ATRAEHMETY, Fh5)
FEA#F X BRI R B R A —E IS,
It VATERS AT 20 A 8 B AR 40 45 K B0 0 i 1 3t IR S A g ]
PABRAHRE I (0 I P RO, o T A% G 200 A fik = AR K R/
PEATOL e BEREAT A7 i, FPAEAF R EERY IR, B RIRGTT
fig R B RIAE AT LT -

ECHAE R RIENE SRR IEAT IR A 1 AR S
AT BIPEAT, AR X AT DA B B 4% PR B S R oK
sORE A A A — R IEAT B SR AR AL B, S AN R A 77 fif A
FRARTrE . RIS TE — R DA AR R SRR
BRIEE, HARmE TR,

17
2014 | 2014 2014 | | 2014 || 2014|2014 | 2014.
.01 | .02 .03 .04 05| .06 07
HAEREIARS P HHEREIA g
‘ E4 R R4 ATk ‘

H1 ReAETEH
Fig.1 Schematic diagram of hybrid storage
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Fig.2 Comparison of experimental results
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