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Application of Personalized Recommendation Technology in Micro-Course System
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Abstract: With the development of educational informatization and digitization in China,the reform of education

informatization has made positive progress,but it has also led to explosive growth of information.Users need to spend a lot of

time and energy to screen out the resources they need in the massive information.In view of this situation,this paper proposes

a corresponding solution to realize video filtering of micro-course based on personalized recommendation technology.

Through this system,users can be provided with targeted and relevant resources in line with their interest,so as to change the

way users obtain information from the previous active acquisition to passive reception,and ensure that the resources received

by users are of the highest value for them.
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2 F 4R R (User interest model)
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Tab.1 User satisfaction with video recommendation results
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6 #5i(Conclusion)
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