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Abstract:With the increasing real-time requirements for data processing,distributed stream processing systems

have emerged.However,under the distributed cluster scale,failures caused by various hardware and software problems are

inevitable.The existing related benchmarking mainly focus on the performance of the distributed stream processing system

during failure-free time,while rarely evaluating the fault-tolerant performance of the system for handling faults.As a result,it

is particularly difficult to select a system for mission-critical applications.This paper designs and implements a flexible

benchmarking framework tailored for fault-tolerant performance.Finally,benchmarking the fault-tolerant performance

of Apache Storm and Apache Flink verifies the correctness and effectiveness of the benchmark defined in this paper.

Experimental results show that fault-tolerant performance of Flink outperforms that of Storm.
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Fig.1 Benchmarking framework architecture
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Fig.2 Event—time latency
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Fig.3 Microscopic failure recovery time
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Fig.6 Latency under different data skewness
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