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Abstract:In image retrieval,how to effectively extract image features is a difficult point in content-based image

retrieval. Aiming at this problem,the paper proposes an automatic multi-feature weight assignment method based on genetic

algorithm.First,the method uses gray histogram to extract color features and uses tree wavelet to extract texture features.Then

the genetic algorithm's global optimal solution search function is used to automatically determine the weight of each feature.

The experimental results show that in the similarity search of gray image,the multi-feature weight automatic assignment

method based on genetic algorithm has increased the recall rate by 8% and increased the precision rate by 9%,compared with

other methods,which proves the high retrieval accuracy of this method.
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2 BER4FHEIREN(Image feature extraction)
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Fig.5 Flow chart of automatic assignment of multiple
feature weights based on genetic algorithm
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PEHMatlab2014a & TH T RIGLCEMTE, R85
FEAWindows RS, TESLHS Hr, PEFEN A corel 405K
BB sL s kg, FEEREFY . EMA. B
MRARERE, FREREE1I0RESR, ERRIET,
Ve AR ATk R R 5 2R . O T e iR S0A 1Y
Bk, MR REEIE R T WA SR, FETERER
YRR B LY FRMGAS 3R -5 BT ] 8 AR 1 SCER IS THEAT T I
4.1 SKIEHRRTEE

ME 6 (a)—(d)FE i, HHiEE F s — KRy 2%
T I, FATAT A 2 2R 1] [ 52 9 5K [ 15 i M AR HE
Fili, (@ETEENEWEGKRRER2/9, ET A3IRETE
GRIET/9, P SCRR I 5 R E A B A A AR
RWOR s (b) 5T [ E AU Y R A RACR 5 5T B SR ME 7 %
TR, PR ROREEEZS/9; (OFET BIRE %R
REBCRM T 2T EERER EGARR, BAWRKERIE
EXIRT/9, BAEET XA & BRI/, wiNik
Pl b BT [ E ACE AU R I 5Kk g, BT 3 3hIRE A

R ANKEG S (DET A ShE TR R M T2 T E 2
HREBRER, REWRERWERESA4/9, BET R
R B R G RAE AT DY SR B, BT E AR UG R —
G, BT HIRETERR =R AR,

5345\ A\09¢E4: 0043
| I - |
o - s i
° LW £t . £t

()T B ERE 55T B 3 (E ()T B ENE ST B 3R E

B T T e . —
e s o w2 40 0 Em wm [ny ™ — g = —
= [0 e s w0 a0 e 5

o0 s 190 w0 100 M wo ey 555] sa0 19 w0 120 420 wom e

454 \10984-3 08 80 [Daas 4 A50904-a08 80 Naus s \109e4- 308 a0 D3ds b \A09e4- 30080
P o
| g |
| | -
b ‘ =

.
|

(OETHEENESET B DA (E TR EAE S5 ET A
Ho A THEEREN AN RS AT O3
B4 e F PR

Fig.6 Comparison of image retrieval based on fixed

weight and image retrieval based on automatic
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