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Non-Contact Palmprint Recognition Based on Convolutional Neural Network
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Abstract: With the progress of society,the security of identity information has become increasingly prominent.In order

to solve the problem of complex environmental impact and complex extraction of palmprint features in the process of user

identification,the paper studies palmprint recognition based on convolution neural network.The advantage of this algorithm

is simplifying the pre-processing of palmprint recognition,by directly inputting and recognizing the collected original image.

Through convolution operation and maximum pooling operation,the method reduces the amount of training parameters and

saves time greatly.Finally,the results are classified by using Softmax classifier. The experimental results show that this method

has high recognition rate for different palmprints,overcoming the shortcomings of traditional palmprint recognition,such as

low recognition accuracy,long recognition time and difficulties in manual feature extraction.
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Fig.1 Traditional classification model
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Fig.2 Convolutional Neural Network classification model
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Fig.3 CNN framework for palmprint recognition
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Tab.2 Comparison of experimental results of

different methods
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