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Abstract: The first requirement of vehicle target tracking is real-time,and the robustness of the tracker in complex

environment is then followed.As a typical discriminative tracker,KCF has been brought into focus for its high computational

speed,and the robustness of which is depended on the size of searching area to a great extent. However,the optimal sizes

of searching area are usually different for vehicle targets,because the sizes of target vary greatly. Therefore,the paper uses

benchmark OTB2015 as the video source,simulating multiple groups of moving target scenes of different sizes by reducing

resolution of the videos.Experiment analysis is carried out on KCF tracker,which aims to demonstrate the optimal parameter

configuration of KCF for vehicle tracking at different distances.
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Fig.1 The original image is shown as left figure,and the
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circulant samples are shown as right figure
2 KCFE& % (KCF algorithm)
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3 SCISIGF(Experimental verification)

ALY, KCFEWEM HMWHOGHE®E 164 bin, X
INK3 X3, BERIZEST R 00,02, TENESE R0, &
BRENS 0.5, ST AREE T HER, SLWERTA
WP 2% 05 H AR R ST 093 K e padding #FAT BRER SR 5,
DAR A B Fo 8 BRER R R RSP By i fipadding i, SLH-F & A
Matlab2016a, SCEGRAHIMERESE. Intel 15 2.60GHzI
CPUMISGBAYRAM,

AR SE Y S P, A B XS R P ¥ RS 100 x 58
80x 46, 53x31, 40 x 23R HArYizzhig i, BALF10A
[ HU AT ZE AT BT, A T X R RS B AR i L 3
S $ipadding, RMERXIES HARKEM AR IE, SAH%
Wil T Fifhpaddingfii: 1.75. 2.05, 2.5, 3.25. 4, 43
X BREFEEKCF_1, KCF_2, KCF_3, KCF_4, KCF_5,
PUZH IR R ) A ER R E SR

SEIG IR FE T8 22 OTB201 5" WA v B de 22 M $E 48
br, BERETRE S BPR)ABEH S E(AUC), HIPAh
W

B E B RO 5 N AR E W E A5 0 B R
/N ) S5 ) IR SRR FEE BT, T X AN R AR I & )
PEEEE R AFN . OB/ DT 455 BUE AR DT R
PRAT TR AR PT DAVERORE 80 B 48 A%, 24 B R AL 02 4k,
F 507 AS B RG22k (Precision Plot), iE% A20MEHR
YEREME, BRATREH B 4. BT IO B AR R 4510k
8:10:15:20, KEEEVPALXT R A BIE AHR 420, 17, 11, 9,

FEH, AENEEmEHRXERS N TiRENERKX

(12)

BEARME, MAREEREE, HPERRE L.
lanb|/]aOb], a. DsrBIRIFIE i AR KR 5 AT
RN BRI, . USRI KR S & R
. HTFRAWSN, ERREELRER N, EER/N
T 2 01 A LS5 155 A AT LR T R VR R 7 2 A
24 e8] (L 31 T MO AL 31 1 7] DASS 2 B2 1%l 2 (Success  Plot),
o T 3l S B R T B, N R e %
HITE (AU C)YE R R A 4.

; RS 3 TP
& i T e
a8 ffisere® e A S \
K oo A = (SO 07 Q
H o5 : ’_—"-_- I/‘Joe\\\‘
i3 0s = % 05 R~
%l 04 ;(} 04
03 03
02 02
01 01
% s 0 ® R % o1 0z 03 o4 05 o5 07 08 09
ERZEBRIE BEFAE
B2 4h 3 RFK A 10055869 B AR, ZAPIRIZ B 6945 o
(£)Fafl 5 b ()R A

Fig.2 The evaluations of the target at scale of 100x 58

on term of precision and succession plots
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Fig.3 The evaluations of the target at scale of 80x 46 on

term of precision and succession plots
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Fig.4 The evaluations of the target at scale of 53 x 31 on

term of precision and succession plots
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Tab.1 The precision scores of the vehicle target
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Tab.2 The succession scores of the vehicle target
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4 Z5R 45y #1(Results analysis)
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