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Research on School Precaution Model Based on Electronic Assignments Mining
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Abstract:The popularity of hybrid teaching makes electronic assignment an important data source for evaluating
students' learning effects.Modeling electronic assignment with machine learning is a useful exploration for school precaution.
Based on the word segmentation and vectorization of electronic assignments,this paper determines the semantic diversity
by k-means clustering and silhouette coefficient,and evaluates the centrality of electronic assignment by calculating the
network efficiency of document vector similarity matrix.The experimental results show that the method can effectively find
the cluster diversity when the clustering effect of electronic assignments is optimal,and can also effectively evaluate the
network centrality of the similarities of electronic assignments.Therefore,as a school precaution model,this method can give
an objective overall evaluation of the diversity and centrality of electronic assignments.
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Fig.1 Feature vectors of electronic assignments
3 FEIJMEEIE(Modeling of school precaution)
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Fig.2 Clustering results of electronic assignments
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Fig.3 Clustering silhouette coefficients of electronic
assignments
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Fig.5 Distribution of clustering silhouette coefficients
over k values
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Fig.6 Network efficiency of similarity matrix of
electronic assignments
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