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Abstract:By means of experiments,this paper compares the performances of logistic regression,decision tree,artificial
neural network,and support vector machine in the analysis of sampling data.The results show that support vector machine has

the highest prediction accuracy.This method and the corresponding software system can provide decision-making basis for

the future sampling plan,expose more problems in food safety,and thus promote food safety and quality.
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3 E k& (Algorithm selection)

A SO DU A TLIR LIRS 2 > 43 28539, Bl Logistic
B3 HT. C4.SphsfRt, BPHIZML . StiFmEdl., KIEH
MBI ER S, BANEUREHTEIEIAE, Hilah
YIGREEFMALE ., FINGEERA, JFIREE IR 258%
WERTERIS A, I B EL R SE IS A PO Ah o R RO HE R
T R A3 ) TR AR Y
3.1 HXEENE

Logistic[ul 94 Hr & —F ) SCAY 262k 1] 159 40 A A Y
Logistic[u] 19 B A28 & WE T DA 402809, WA a3k
R

Pk B (Decision Tree) EEEH T -2 R A,
TP S L BT IR S R S B, Sk
R AR A WA R T s, wEE
TG, JEH B S50 o 3 S R R A SR R 3 PSR
B, PATS B HRIUE A —Fh - 2000 5T g S iy i )
SR 2 AR 2 T X SR R R, B E R AR
) JE MR 2 A A 2 T R A AR SR E R SR IRT . Bk
WHHEYER ZMA, & LR RID3FEMC4. 55, HID3
WA ZAEMYE, BHENRENMEFEASHEES, W
EAZ B G WO S, CA. SRR T iX—
B, HIRATERE T CAL SEEH TSR,

NTHEME W RAE—ERE EZ8 TEYENE
K, FREYINE S R G2 A B IE R 4 ot(neuron) 4 g,
O R S ) N O EZ A 2 S N1 ) B =8
— R ER A B E R, KT —Amohs —E
R SER AR MBI ), 7= B — Ry S
HHH .

YA EHL(Support Vector Machine), 1]k f&#5 4
SVM, EW AR BREARTHITSETTE, I B AR A
FRPL IR F A 4 2 008, SRR i AL R L R A R 1 A
i 2 IR R R AR SO AN B
Vo IR EVIEERAE ZFRA, FE AR %R R
FE. IR IE SRR, B ZEE. Sigmoid
W RBCRIR ) B AR, R EITESIRE W AE R,
AR SCHEREAR ) B AZ SR B R SR T WL PR AL
3.2 KEERILR

Ko BT DU RPN SR AT S, R R =R e iR AT
M, RN HER R (ac) . KEHRR (pr) AT E [l %(re), BART
YRR

_ TP+TN
aa= ——— (1)
TP+FN+FP+TN



S22 5821 WIS . BT SCRp ALY £ M2 SR Bl 4 77 ik 31
pr = T;fFP () HUTTIN AR KRB AR nT RERY B i RERR DL, AR AT PAEST H

- —F, AT CASEATHER TN R, ARIR IR AR A S R

e = ToiEn ) s T AR IR B AR T A0 B %, S T R A2

Hodr, TP(True Position) ¥ 1EZEFM A 1E2%. FN(False
Negative) ¥ IESSTRM A 712540, TN(True Negative)h¥F
TRTIM 713650, FP(False Position) ¥ 38 Hi il 4 1k
KR, FEACH, HER SR A T R 2K
Wi, REARRHETN N AEERTHEIEAGHRERN L
B, AR AR TR B IE s A4 & 5 B s 8 4 25 kA
o s £ Y FL A

Ko PUFP A AT T A LRI, AR A PR S
VER AL IR 45

K1 DPXREELRER

Tab.1 Experiment results of classification algorithm
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4 #Eif(Conclusions)
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