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Improved Mean Shift Algorithm for Pedestrian Tracking
Based on Color Histogram Equalization

FU Limei

( Department of Software Engineering,Dalian Neusoft University of Information,Dalian 116023,China)

Abstract: The pedestrian tracking in video monitoring is a research field with practical application value.An improved

pedestrian tracking algorithm is proposed with image sequences acquired by surveillance cameras to solve the problem

of pedestrian tracking in in smart video monitoring in cities.This pedestrian tracking algorithm is based on mean shift

algorithm,using color histogram equalization to improve the original algorithm and applying CAVIAR project/IST 2001

37540 dataset to evaluate the algorithm.Experimental results show that the improved algorithm performs much better than

the original one in some situations.
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Mean Shift tracking algorithm)
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Fig.1 The process of improved mean shift algorithm
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comparison of the algorithm)
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Fig.2 Mean Shift tracking algorithm tracks the initial

frame selection(improved)

|
en
|

cal

o om 2w X0 on 10

B3 Mean Shiftsk 32 5L = 9k 37 45 R B 7 (%)
Fig.3 Mean Shift tracking algorithm tracking
results(improved)
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