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Abstract:In the era of big data,data has become a driving force for the development of various industries.Effective

analysis of data not only has a huge impact on social and economic effects,but also has a profound impact on the

management of governments and enterprises.Therefore,how to efficiently and quickly extract useful value from Web logs

and turn it into analysis basis is the key point of system design.In this paper,by means of adopting Hadoop as the open source

framework,HDFS for data storage and Hive as the open source data warehouse tool,a Web log analysis system is designed

and implemented. This article mainly elaborates the system structure,the design thought as well as the realization method.
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Fig.1 System framework design
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Fig.2 Comparison of the cluster mode with the
stand—alone mode
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