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The Application of Interestingness Mining of Association
Rules in Employment Analysis in the Era of Big Data
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Abstract:In recent years,with the popularity of big data technology,big data is changing the development of various

industries.In the field of education,big data technology plays a significant role in solving the difficulties of employment

and processing the idle educational data.In the context of big data era,this paper uses Visual FoxPro to develop a mining

tool of association rule interestingness,and uses this tool to mine and analyze the various issues affecting students'

employment,finding out the factors that affect employment and providing evidence for timely adjustment of employment

guidance.
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Tab.1 Structure of the employment transaction data table
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Tab.2 Employment transaction table data dictionary
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Fig.1 Association rule interestingness mining algorithm
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Fig.2 Employment transaction mining results display
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association rules interestingness mining results)
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