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Abstract:The SIFT operator and the improved SIFT operator based on RANSAC purification are used to extract and

match feature point pairs in two images with different perspectives.The experimental results verify that the accuracy and

matching of feature points extracted based on the improved SIET operator are higher than those of the SIFT operator and

Harris operator.The feature points extracted and matched by means of the improved SIFT operator are more conducive to the

3D reconstruction of target objects.
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Fig.1 Experimental results of feature extraction
F1 SR EUE I $04E

Tab.1 Experimental data of feature extraction
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Fig.2 Experimental results of feature matching
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