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Abstract:This article studies the resource selection in supporting of search result diversification,analyzes the

shortcomings of the existing researches and proposes to use the distributed word representation to extract the semantic

features of the text.Based on this,document modeling and resource selection are achieved.The experimental platform is

constructed by using the ClueWeb12b-13 dataset.The evaluation results based on the R-method show that the proposed

algorithm is superior to the existing GLS and MaStD and it is stable in various kinds of situations.
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Fig.1 The topology of the three—layer neural network
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Tab.1 Statistics of the experimental dataset

Sl Bk
fE R 100
R 52,343,021
/M5 B IR SR SOR%L 17,835
R AR TR & SRR 6,653,521
A {5 BRSOk 4K 523,430

AL TTREC Web Track 2013"HITREC Web
Track 2014™'51 (100251
42 A E

Z I ETREFITM 7S, BRI R G HIRE
BRIV AR 45 R Z AL T PR AR o

M(Cx BB R LR
M LR ) (8)
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RN RSGRZHEMANITEN R, . ERR-TA, nERR-
IA. NRBP., nNRBP., o-nDCG. MAP-IA, P-IA%,
4.3 WbRSELLZMEETH S 04T

A AR AIReDDE+MMR ik 1 Ry S gh e 2, W I
HA 1 e 21 B T B A TR I T R B B S R G LS AN
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Tab.2 Comparison of performance when N.=3

RM(CI() =

Bk R(ERR—  R(nERR— R(a—  R(NRBP) R(nNRBP)
1A) 1A) nDCG)
WDRS 0.561 0.554 0.550 0.587 0.513
GLS 0.506 0.499 0.504 0.514 0.502
MnStD 0.507 0.499 0.483 0.534 0.520
ReDDE+MMR 0.400 0.386 0.381 0.410 0.390

&3 N=5H & E XM RELLR

Tab.3 Comparison of performance when N.=5

(X5 R(]IE}:)R - R(“I%R_ flg gc._) R(NRBP) R(uNRBP)
WDRS 0.622 0.607 0.629 0.613  0.590
GLS 0.592 0.587 0.613 0.589  0.583
MnStD 0.592 0.607 0.610  0.500  0.584
ReDDE+MMR  0.492 0.476 0.478 0.497  0.472
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Tab.4 Comparison of performance when N.~10

i R‘fﬁ)‘“ R(“I]Z'?R_ fég(;) R(NRBP) R(nNRBP)
WDbRS 0.711 0.709 0.727 0.712 0.695
GLS 0.646 0.641 0.667  0.641  0.634
MnStD 0.645 0.634 0.665  0.640  0.624
ReDDE+MMR 0.583 0.568 0.492 0.577 0.557
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