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Study on Visualization of Social Network Based on Differential Evolution
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Abstract:Social networks have become increasingly prominent for both individuals and the society.As social network

data continues to grow in size, how to clearly and attractively display the social network relationship structure has become

a major difficulty in the field of information visualization. In view of the difficulty of this research,this paper applies the

cooperation relationship data between experts in network theory and experimentation to find key nodes in the data through

degree-centrality and betweenness-centrality indicators to improve the variation,crossover and selection of differential

evolution algorithms.Therefore,a social network visual layout algorithm based on differential evolution is proposed,which

effectively reduces the impact of the initial position on the visualization results.The visual results presented finally can

clearly and beautifully reflect the social network structure.
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Fig.1 Visualization results for different iterations
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Fig.3 Visualization result with 120 iterations
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