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Image Segmentation of Region Growing Brain Tumor
Based on Potential Energy Segmentation

JIANG Qiulin, WANG Xin
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Abstract:Image segmentation of brain tumors is widely used in clinical diagnosis.In order to improve the accuracy of

brain tumor segmentation,this paper proposes a region growing algorithm based on potential energy segmentation to segment

MR brain tumor images.Each pixel of the image is regarded as a charge,and the pixel value is used as the charge amount.

Since the tumor area has a larger pixel and thus its "charge amount" is larger than that of other non-tumor areas,a growth

criterion is established.Compared two other typical algorithms,the proposed algorithm has the best segmentation accuracy.
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Fig.1 Case 1 segmentation results
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Fig.2 Case 2 segmentation results
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Tab.1 Segmentation results of different algorithms
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e 77.51 10.59 22.49
GVFSnake 86.02 3.19 13.98
AR 97.46 0.83 2.54
£Ei(Conclusion)
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