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Abstract:The Neural Network Algorithm is a focus of deeprlearning,Genetic Algorithm is to search adaptive

optimization and Genetic Simulated Annealing’Algorithm is to find the optimal solution.Analyzing the characteristics and

defects of these three algorithms as well as studying the technology of combining BP neural network with genetic simulated

annealing algorithm,this paper proposes a néw BP neural network model based on genetic simulated annealing algorithm

from getting the advantages of the algorithm,and the new algorithm has been used in a movie club,where the experimental

results show that this algorithm has better effects.on the convergence and accuracy.
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BP neural network algorithm and model based
on genetic simulated annealing algorithms)
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Tab.1 Description of data
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Tab.2 Key attributes of data
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userld movield tag timestamp relevance
18 4141 Mark Waters 1240597190 3302500000000000
65 208 Dark hero 1368150078 0569999999999995
65 521 Noir thriller 1368149983 67625
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Fig.1 Iteration numberiand. error function
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Fig.2 Comparison of real score and predicted score
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