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A Vision-Based System to Detect Books with Incorrect Sequence on Shelf
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Abstract:Sorting books is a regular task of libraries,and it's urgent to improve the automation level. Without any

additional investment and infrastructure improvement,an approach to detect books with incorrect sequence on shelf by

means of a software system based on vision inspection technique is proposed.Firstly,mobile devices are employed to capture

images of books on shelf.Secondly,LSD algorithm is used to find all edge lines of book spines,and characters of call number

are able to be gained by means of projection from ROI separated from a book image.Thirdly,a feed forward continuous

double convolution network model is built to perform the task of character recognition,where other techniques such as

Dropout,ReLU activation function and Softmax regression are also included.Finally,the reconstituted call numbers are

compared with and the recorded information in a database to obtain correct positions.Experiments and analysis by running

the system show that the approach is able to ensure good performance on finding those books with incorrect sequence on the

shelf.
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Fig.1 System organization
3 BHZEFESIR5I(Recognition of call number)
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Fig.4 Character segmentation
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Fig.6 Character samples of data set
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